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Abstract 
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plan characteristics constant. Our setting allows us to identify doctor switching costs separately 
from inattention, option value and other characteristics. Forty-six percent of individuals are 
willing to pay the higher premiums to keep their doctors, and these doctor switching costs 
account for the largest share of inertia in plan choice. Effects vary by demographics and 
utilization in ways which imply uneven welfare effects of different default options and proposed 
policy reforms.  
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1. Introduction 

Health care spending comprises a larger share of GDP in the United States than in any 

other industrialized nation, and the cost of private insurance is rising faster than inflation (World 

Bank 2020, Kaiser Family Foundation 2020). Policy proposals to address high costs are 

commonly based on insurance plan competition and consumer choice. However, if consumers 

face switching costs when changing health insurance plans, they will only move to another plan 

if the price difference is large enough to overcome these costs. This could limit competition and 

contribute to higher prices (Klemperer 1987, Farrell and Klemperer 2007). 

Switching costs have been estimated in several other industries, such as pension plans 

(Luco 2019), auto insurance (Honka 2014), electricity provision (Hortacsu, Madanizadeh and 

Puller 2017), and banking (Stango and Zinman 2014, Allen, Clark and Houde 2019). These 

switching costs are often driven by familiarity with a product, hassle costs, as well as inattention 

related to changing prices and product characteristics. However, little is known about switching 

costs related to the personal, human connections formed with the provider of a service. 

In the health care setting, a potentially sizable source of switching costs is attachment to 

one’s existing doctors. This is important not only because health provider coverage is a key 

source of differentiation for health plans (Ho 2009, Ho and Lee 2017, 2019) but also because 

proposed policy reforms often require individuals to switch doctors. For a product as complex as 

health insurance, estimating doctor switching costs is challenging for two reasons. First, doctor 

switching costs are just one driver of inertia in plan choices, and it is hard to disentangle this 

component from inattention, limited understanding, procrastination, and the time costs of 

researching different insurance options. For simplicity, we refer to these other reasons for inertia 

as “inattention” in this paper. Second, different health insurance plans have many attributes 

which affect their desirability besides a patient’s relationship with their existing doctor (e.g., size 

of the network, covered medical services, co-pay amounts and prescription drug coverage). This 

makes it difficult to separate doctor switching costs from preferences for other plan 

characteristics. 

We overcome these estimation challenges by exploiting a uniquely targeted change in the 

health insurance offerings of a large employer. Our setting has two key advantages: (i) there is 

only a single financial characteristic quasi-randomly changing – the premium – associated with a 

single non-pecuniary attribute changing – the doctor network – and (ii) a set of individuals are 
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defaulted into a dominated plan. We are able to isolate the role of doctor switching costs from 

other plan characteristics (including network size) and inattention, something which has not been 

possible in other studies. Separating out the sources of inertia is critical from a policy 

perspective, as each source has different welfare consequences. As we will show empirically, 

both doctor switching costs and inattention play large roles but are often negatively correlated in 

their magnitudes (e.g., high-usage individuals have more doctor attachment but less inattention).  

 The setting for our natural experiment is the 10 campus University of California (UC) 

system which took the most popular existing health insurance plan, Health Net (HN), and created 

a second version just for UC employees, Health Net Blue and Gold (HNBG). The only 

differences between the two plans were the premiums and the doctor networks; financial 

characteristics (such as co-pays and deductibles), covered treatments and even plan 

administration stayed the same. The default option was the HN plan, which included all doctors, 

but had a higher premium. Many employees had existing doctors who were included in the 

HNBG plan while other employees had doctors who were only covered in the HN plan.  

Employees whose existing doctor would be included in the HNBG plan could avoid the 

premium increase if they actively opted out of the HN plan and in to the new HNBG plan. If the 

option value of a larger network is small relative to the value of premium savings, inattention is 

identified from employees in this group who did not opt in to lower premiums. If the option 

value of a larger network exceeds the value of premium savings for some individuals, one can 

only identify the combination of the two factors. 

Employees whose existing doctor would not be included in the HNBG plan could also 

avoid the premium increase by opting into the HNBG plan, but doing so required that they 

switch to an HNBG doctor. Identification of doctor switching costs comes from comparing the 

choices of this second group to the first. In the case where option value is zero, one can identify 

the share of employees who are willing to pay at least the premium difference between the two 

plans to keep their current doctor. If option value is important, one can instead identify the effect 

of doctor attachment on the relative share of individuals who switch plans (see Section 4). For 

several reasons which we discuss below, the option value of a larger doctor network does not 

play an important role in our institutional setting, and we verify this empirically. 
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The creation of the new HNBG plan, which covered two-thirds of doctors in the existing 

HN plan and included all UC-affiliated physicians, was possible due to the UC administration’s 

unique bargaining position and did not reflect a lower-quality doctor network. We note that both 

the HN and HNBG plans included a large fraction of doctors practicing in California. This 

setting differs from many others in the literature, in that the HNBG plan does not systematically 

exclude high quality providers or drastically limit the set of available doctors or hospitals. We 

describe the details of this change and how it can be used to identify doctor switching costs in 

Section 2. 

Our analysis yields four key results. First, we find evidence of sizable inattention, even in 

this relatively simple environment where the only plan attribute changing was physician 

networks, and the time cost associated with switching was minimal. Employees whose existing 

doctors were included in the new HNBG plan did not need to change doctors to take advantage 

of lower premiums. Twenty-one percent of these employees exhibited inertia and remained in 

HN the first year after the change, even though they could have saved between $638 and $1,851 

annually (depending on family type) by switching to HNBG. Using geographic variation in the 

size of the local HN and HNBG networks as proxies for option value, we find little evidence that 

option value matters, consistent with the institutional details of our setting. 

Second, a substantial fraction of employees – 46% in the first year – are willing to pay 

considerably higher premiums to keep their doctors. While this fraction is large, one would have 

erroneously concluded it was even larger without netting out inattention. Doctor switching costs 

explain why 64% of impacted individuals stay with their current plan in the first year, with 

inattention accounting for almost all the remaining inertia. 

Third, doctor switching costs and inattention decline only modestly over time. In the 

second year after the change, the proportion of employees willing to pay higher premiums to 

keep their doctor drops by 9 percentage points (pp) and inattention drops by 6 pp. 

Fourth, when we estimate how switching costs are affected by individual characteristics, 

we find that inattention and doctor attachment vary in opposite directions with expected health 

care use. Specifically, older individuals and “sicker” individuals (those with more prior doctor 

visits) have less inattention but higher attachment to their doctor. This pattern, where consumers 

with the highest attachment to a product also are the most attentive, is likely to exist in other 

settings. 
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Taken together, our findings have important implications for proposed policy reforms 

which aim to reduce inertia. For example, information campaigns about different insurance 

options are most likely to be successful with younger and healthier employees, who have more 

inattention and are less attached to their doctors. This knowledge could help improve the target 

efficiency and success rate of information campaigns. As another example, consider proposals 

which provide incentives for individuals to shift away from higher-cost doctors. Our results 

predict such a policy will be limited in its effectiveness for many individuals, but for different 

reasons: with the young and healthy because of inattention and with the older and sicker because 

of doctor attachment. Our findings also have implications for the welfare effects of different 

default options, similar to findings for retirement savings (e.g., Madrian and Shea 2001). We 

calculate that aggregate welfare would have been substantially higher had the default option been 

HNBG instead of HN. 

Our paper is the first to estimate doctor switching costs separately from other sources of 

inertia in plan choice. This is important because doctor switching costs often move inversely 

with inattention. Our setting is also relatively unique in its simplicity. There is only one price, 

which does not depend on utilization, and only a single plan characteristic which differ. There 

are no hassle costs related to changing insurers, claims processing, or different plan rules. 

Equally important, there are large amounts of money at stake, making this a consequential 

decision that is expected to last for multiple years. 

Our work relates to a series of papers which study switching between health insurance 

plans. Gruber and McKnight (2016) find evidence of switching costs, but their setting does not 

allow them to estimate doctor attachment separately from inattention and from several other plan 

attributes. Heiss, McFadden, Winter, Wuppermann and Zhou (2016) estimate inattention and the 

hassle costs of switching drug plans in Medicare Part D, as opposed to doctor switching costs. 

Buchmueller and Feldstein (1997) show that switching rates between health insurance plans are 

high in a setting where many employees could keep their existing doctors. Strombom, 

Buchmueller and Feldstein (2002) show that inertia is lower for younger and healthier employees 
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and for more recent hires. Ericson and Starc (2015) find that first-time buyers of health insurance 

are willing to pay higher premiums for plans with larger hospital networks.1 

Other work has demonstrated that bounded rationality and inertia affect health plan 

choice. Handel (2013), Handel and Kolstad (2015) and Bhargava, Loewenstein and Sydnor 

(2017) show that individuals make suboptimal choices among health plans that cover the same 

doctors and hospitals but differ in multiple financial characteristics. Several studies show that 

inertia is prevalent in prescription drug coverage choices by the elderly and affects market 

outcomes (e.g., Ketcham, Lucarelli, Miravete and Roebuck 2012, Ericson 2014, Abaluck and 

Gruber 2011, 2016, Polyakova 2016, Ho, Hogan and Scott Morton 2017, and Decarolis, 

Polyakova and Ryan 2020). Saltzman, Swanson and Polsky (2021) estimate how inertia 

contributes to market power and adverse selection. Brown and Jeon (2020) find evidence that 

Medicare Part D enrollees make better choices when the stakes are higher. Gruber, Handel, Kina 

and Kolstad (2020) find that artificial intelligence tools can improve plan selection. 

More broadly, there are related literatures which examine (i) adverse selection in health 

insurance (e.g., Cutler and Reber, 1998, Einav, Finkelstein, Ryan, Schrimpf and Cullen, 2013, 

and Aron-Dine, Einav, Finkelstein and Cullen, 2015), and (ii) the effect of physicians on health 

care utilization (e.g., Finkelstein, Gentzkow and Williams, 2016, Agha, Frandsen and Rebitzer, 

2019, Kwok, 2019, Simonsen, Skipper, Skipper and  Thingholm, 2019, Fadlon and van Parys, 

2020, and Sabety, 2021). 

In the next section we explain our setting and how we identify doctor switching costs. 

Section 3 describes our data and Section 4 outlines our empirical approach. Section 5 presents 

our results and their policy implications. The final section concludes. 

 

2. A Natural Experiment 

2.1  A New Health Plan Just for UC Employees  

 In 2010, employees of the University of California (UC) system could choose from a 

variety of health insurance plans, with the most popular being Health Net, an HMO. The 

available set of doctors in this plan included all UC affiliated doctors, as well as doctors in 

 
1 Two papers look at health care provider choice rather than insurance choice. Raval and Rosenbaum (2018) find 
that mothers return to hospitals where they previously gave birth, but their study does not include information about 
costs or insurance coverage. Likewise, a working paper by Irace (2018) studies patient loyalty in hospital choice. 
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several other provider networks. Starting in 2011, UC expanded its health insurance offerings to 

include two versions of Health Net, one with the previously existing network of doctors (“Health 

Net” or HN) and one with a subset of doctors (“Health Net Blue and Gold” or HNBG). The 

HNBG network included many high-quality providers (including all UC affiliated physician 

groups and hospitals). 

 Overall, about two thirds of all doctors in HN were included in HNBG. It is important to 

note that both the HN and HNBG networks included a large number of primary care physicians 

(PCPs) to choose from. The average employee in our sample has 247 PCPs covered by the HN 

plan within 10 miles of their home zip code and 153 PCPs in the HNBG plan.2 Looking more 

broadly across all of California, there were over 17,000 PCPs in HN and over 11,000 in HNBG. 

These represented a substantial fraction of doctors practicing in California in 2011: 68% of all 

California PCPs were included in HN and 44% were included in HNBG.3 

 The HNBG option was set up with the intention of holding the line on premium rate 

increases, while the HN plan had the employee portion of subscriber premiums rise between 

46% and 273% depending on family type and income. The creation of the new HNBG plan, 

which was only available to UC employees and not the much broader set of Health Net 

subscribers in California (which exceeded 2.5 million), was possible because of UC’s unique 

bargaining position with UC-affiliated physicians. Additionally, UC employees may have been 

healthier on average compared to other HN subscribers, and hence advantageously selected. 

Importantly, all other aspects of insurance coverage, including plan characteristics and plan 

administration, remained the same as before for both the HN and HNBG insurance plans. For 

example, inpatient and emergency services, physician copays, prescription drug costs, 

deductibles, and behavioral health coverage all remained the same. The default option for all 

employees who were previously enrolled in HN remained HN, even if their existing doctors were 

in the HNBG network. 

 The University of California conducted an information campaign to make individuals 

aware of the new HNBG plan. This involved both electronic announcements and printed material 

mailed to employees. In these communications, UC explained: “The Health Net Blue & Gold 

 
2 Considering all doctors, including specialists, those numbers increase to 1,068 for HN and 688 for HNBG. 
3 Author calculations using data from the Centers for Disease Control and Prevention. For context, Gruber and 
McKnight (2016) use data from Massachusetts where the average broad network plan covers 25% of all doctors 
(PCPs plus specialists) and the average narrow network covers 14%. 



7 
 

HMO works exactly like the regular Health Net HMO plan… The only differences between the 

two Health Net plans are the cost of the monthly premiums and the network of providers.” 

 UC went on to explain: “If your providers are in the Health Net Blue & Gold network 

and you enroll, you’ll save the extra premium you’d pay for the full Health Net HMO network. 

You must select the Health Net Blue & Gold HMO during Open Enrollment to participate. If you 

are a current Health Net HMO member and take no action during Open Enrollment, you will 

remain in the Health Net HMO plan, even if your current doctor and medical group are in the 

Health Net Blue & Gold HMO plan” (see Appendix A for more detail).  

 The behavior of employees whose existing doctors were included in the HNBG network 

can be used to estimate the amount of inattention. For these employees, actively choosing to 

change insurance from HN to HNBG results in a substantially lower premium, without the need 

to change doctors. But given the default option, an employee not paying attention or confused 

about the new plan would automatically stay enrolled in the now more expensive HN plan. Since 

all other insurance plan characteristics besides doctor networks remained the same, the fraction 

of these employees who do not switch represents the fraction of inattentive employees. 

 In theory, it is possible that some employees would not want to switch to HNBG because 

they value the option of being able to see a doctor who is only in the broader HN plan. This is 

likely to play a limited role in our setting for four reasons: (i) both HN and HNBG doctors are 

part of very large networks, (ii) the vast majority of hospitals were included in both plans (233 

out of 253), (iii) almost all referrals to specialists in 2010 – prior to the change – occur within 

what will become the HNBG and HN-only networks in 2011,4 (iv) employees can freely switch 

plans every year during open enrollment, regardless of their medical history, and (v) individuals 

who want more provider options would likely not choose the HN or HNBG plans (both HMOs) 

to begin with, but rather one of the more flexible PPOs. Later in the paper, we verify empirically 

that option value is close to zero using geographic variation in the availability of doctors in the 

two networks.  

Employees whose existing doctors were not covered under the HNBG option after the 

change in 2011 faced a trade-off: keep their current doctor and pay a higher premium to stay in 

HN, or switch to a doctor in the HNBG network and save money. There are three reasons these 

 
4 Of individuals with PCP doctors in 2010 who will be in the HNBG network in 2011, only 2.3% are ever referred to 
a specialist outside of what will become the HNBG network in 2011. 
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employees may not switch. They may be willing to accept higher premiums because they want to 

keep their current doctor, but they also may simply not be paying attention or may value the 

option of a larger doctor network. As long as inattention and option value are the same across 

both groups of employees, we can net these two factors out by comparing the relative switching 

rates of these individuals to those whose existing doctors are in the HNBG network (since this 

group has no doctor switching costs, but only inattention/option value). 

 

2.2  Validity of the Natural Experiment 

 The assumption that HN and HNBG plans are viewed as equal-quality substitutes is 

central to our identification strategy. This is likely to be true since the creation of the HNBG plan 

was driven by the unique bargaining power UC had over its own doctors and hospitals, and not 

by a desire to differentiate plans based on doctor quality. The central administration at UC was 

successful in pressuring UC affiliated doctors and hospitals to limit price increases for its own 

employees in the HNBG plan. It did not have the same leverage to do this with the other provider 

networks in the HN network which wanted to raise rates and did not join HNBG.5 

 A second reason to believe that doctors in the two plans are close substitutes is that 

Health Net’s other customers continued to pay the same premiums for both sets of doctors. There 

were over 2.5 million employees in other companies using Health Net’s insurance in California. 

These other customers did not have access to the HNBG plan which was created just for UC 

employees. Relatedly, prior to 2011, both sets of doctors were in the same Health Net insurance 

plan for UC employees and UC employees could pick any of these doctors without a distinction 

in cost. In 2010, 70% of employees chose doctors who would later be in the HNBG network. 

This fraction lines up with the proportion of the two types of doctors available in the zip codes 

UC employees live in. More granularly, we find that individuals choose doctors in the pre-period 

in proportion to the fraction of each doctor type available in their home zip code, consistent with 

employees choosing doctors from the two groups based on ease of access. 

 Empirical support for doctor substitutability comes from medical group ratings collected 

by Health Net and published on its website. Each medical group is given a rating from one 

(lowest quality) to five stars (highest quality) in three broad categories: member satisfaction, 

 
5 Several non-UC providers also agreed to be in HNBG. It is difficult to know what negotiations led them to be 
included in the network, but as we show empirically, their inclusion is not related to observed quality.  
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clinical care, and preventive health. In Table 1, we regress whether a doctor is in the HNBG 

network on these three quality ratings. We find that HNBG doctors do not have systematically 

different ratings than doctors who are only in the larger HN network. Each of the individual 

coefficients is statistically insignificant and joint tests are likewise insignificant.  

As another piece of evidence that the HNBG network was high quality, consider the U.S. 

News and World Report rankings of top hospitals for 2013-2014. Out of 440 hospitals in the 

state of California, the five UC campuses with established medical centers rank in the top 20. 

While an excellent medical center is no guarantee that affiliated UC doctors are also excellent, 

and while not all HNBG doctors have a UC affiliation, these rankings are certainly suggestive.6 

 We note that if the HNBG doctors are preferred on average relative to doctors only in the 

HN network, then our estimates of doctor attachment are biased downward. We also point out 

that UC employees constitute a small fraction of the overall subscriber base for HN and HNBG 

providers. This means there are unlikely to be sizeable general equilibrium effects which would 

make it more difficult to find an HNBG doctor after the change. In fact, 94% of HNBG doctors 

were accepting new patients in the years after the change. 

 Our natural experiment is inherently a cross sectional design, based on which doctors 

were being used in 2010. For our design to be valid, the employee’s choice of doctor in 2010 

should be uncorrelated with their latent propensity to change plans or inattention. In Table 2, we 

test this by estimating whether demographics predict having a doctor in 2010 who will be in the 

HNBG network in 2011. We conduct these tests for the explanatory variables used later in our 

main regression analysis, always controlling for 3-digit zip code fixed effects. 

 We start by comparing demographics one at a time for the doctor choices of employees 

and family members. Columns 1-3 of Table 2 reveal that income, age, and gender have no 

discernable effect, with effect sizes which are both insignificant and small relative to their 

sample means. Column 4 looks at whether the number of doctor visits predicts having a doctor 

who will be in HNBG in the future, using the same categorization we use in later tables. While 

the differences for each of the categories are not individually significant, a joint test is on the 

margin of significance with a p-value of 0.09. When we include all of the observed covariates 

simultaneously in column 5, the coefficients remain small and individually insignificant. More 

importantly, the joint F-test has an insignificant p-value of 0.26. We conclude that there is little 
 

6 Almost all hospitals are included in both networks, but not all doctors have privileges at all hospitals.  
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empirical evidence of differential selection prior to the introduction of the new health insurance 

option in 2011.  

 In terms of external validity, our analysis uses University of California employees 

throughout California. Seventy-nine percent of these employees are not faculty, but rather 

support staff such as administrators, custodians, technicians, and food service workers. To get a 

sense of how UC employees compare to the broader population, we looked at 2010 Census data 

for California. 7 Using the means in Table 2, UC average earnings are $58,689 compared to 

$54,591 in the Census, 44% of employees are male versus 53% in the Census, and 32% are age 

50 or older compared to 28% in the Census. In other words, our sample has slightly higher 

earnings, is more female, and is somewhat older. 

 

3. Data and Health Insurance Choices 

3.1  Data 

 Our primary data sources are anonymized merged administrative records from the 

University of California and Health Net California for the years 2010-2012. This includes the 

health insurance plan chosen by each employee, demographic information about the employee 

and insured family members, employee salary (in $5,000 bins), the number of doctor visits 

(though not the reason for the visit), and each family member’s primary care physician (PCP). 

 Our baseline sample consists of full-time staff and faculty between the ages of 18-63 

enrolled in Health Net in 2010. The unit of observation is an employee, as all covered family 

members must be in the same insurance plan. To be able to estimate switching costs, we focus on 

the decisions of existing employees and require that individuals be in our sample for each year 

from 2010-2012.8 We exclude employees who are health care professionals because they are 

likely to be systematically different in their health plan choices and we drop individuals with 

incomes below $25,000 or above $200,000 because we have very few observations in those 

ranges. Finally, we drop individuals who live in the zip code for UC Davis and immediately 

adjacent zip codes due to its lack of HNBG doctors and the associated difficulties the UC system 

 
7 We require employees to be working at least 20 hours a week and for at least 27 weeks in the past year, since 
insurance is usually not provided to employees not satisfying these criteria (indeed, these are similar to UC’s 
criteria). We also limited the Census sample to workers between ages 18-63 to match our UC sample. 
8 Having a doctor in the HNBG network does not predict leaving university employment and exiting the sample. 
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had implementing the HNBG plan there. Our final estimation sample includes 17,017 

employees. 

 

3.2  Health Insurance Choices before and after the Change  

Every year, UC employees can change their insurance plans during a month-long open 

enrollment period. Employees in HN who wanted to switch to HNBG had to make an active 

choice during open enrollment by filling out a simple form, either online or on paper. The default 

for employees who make no change during open enrollment is to stay in their existing health 

plan. Each employee received information about the HNBG introduction in the form of several 

emails and an annually distributed flyer about UC insurance options. These outreach efforts 

made clear that the only thing changing was which doctors would be in the network and that 

other plan characteristics, such as copays, covered services, and plan administration would 

remain identical. Compared to other papers studying health insurance choices, this setting is 

relatively uncomplicated for consumers to understand. 

 Table 3 documents the large premium increase between 2010 and 2011 for the HN plan. 

The annual price paid by employees rose by anywhere from 46% to 273%, depending on family 

type and income tier. For example, the price rose by 86% for employees in the second income 

tier ($47-93K) who were insuring themselves plus their spouse and children, with annual 

premiums rising by $1,996 (see Appendix Table A1 for annual premiums). These are large 

premium hikes. The new HNBG option, in contrast, was introduced with only a small increase 

relative to what HN had cost in the previous year ($145 for this group, a 6.2% increase). In 2012, 

the large gap between HN and HNBG remained, with both plans experiencing modest year-over-

year increases in costs. 

Employees whose existing doctors were in the HNBG network could thus keep their 

doctors – and all other features of their existing insurance – at close to the same price they had 

been paying before. Employees whose existing doctors were not in the HNBG network, 

however, would have to pay substantially higher premiums if they wanted to stay in HN and 

keep their doctors. Alternatively, these employees could enroll in HNBG and find a new doctor 

or even choose to move to one of the other insurance options. For context, HN had the largest 

market share among UC employees in 2010 (44%) and this was a time of relatively stable plan 

choices and premiums besides the HN and HNBG changes. 
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4. Modeling Inattention and Switching Costs 

When evaluating insurance options, we assume that individuals care about being able to 

keep their doctor, the plan premiums, and other plan characteristics, potentially including the size 

of the doctor network. The indirect utility for individual i choosing plan j is given by  

 
−𝛽𝛽(𝑋𝑋𝑖𝑖)𝑍𝑍𝑖𝑖𝑖𝑖 − 𝛼𝛼𝑝𝑝𝑖𝑖 + 𝑊𝑊𝑖𝑖𝛾𝛾 + 𝜖𝜖𝑖𝑖𝑖𝑖                                                     (1) 

 
where  𝑍𝑍𝑖𝑖𝑖𝑖 is a dummy variable which equals 1 if i’s current doctors are not covered by plan j, 𝑝𝑝𝑖𝑖 

is the plan premium, 𝑊𝑊𝑖𝑖  captures other plan characteristics, and 𝜖𝜖𝑖𝑖𝑖𝑖  is an error term which is 

distributed Type I extreme value. Doctor attachment is captured by 𝛽𝛽, which we allow to depend 

on individual characteristics, 𝑋𝑋𝑖𝑖.  

Attentive individuals will choose the insurance plan which maximizes their indirect 

utility while inattentive individuals will stay with HN, the default plan. We assume that 

individuals are inattentive with probability 𝜇𝜇 , and we allow this to vary with individual 

characteristics.9  

With this setup, the probability that individual i chooses plan 𝑗𝑗 ≠ 𝑘𝑘 is 

 
 𝐏𝐏𝐏𝐏�𝑗𝑗|𝑍𝑍𝑖𝑖𝑖𝑖 ,𝑍𝑍𝑖𝑖𝑖𝑖� = 𝜇𝜇(𝑋𝑋𝑖𝑖) ∗ 𝟏𝟏[𝑗𝑗 = 𝐻𝐻𝐻𝐻] + 

�1 − 𝜇𝜇(𝑋𝑋𝑖𝑖)� ∗ 𝐏𝐏𝐏𝐏��−𝛽𝛽(𝑋𝑋𝑖𝑖)𝑍𝑍𝑖𝑖𝑖𝑖 − 𝛼𝛼𝑝𝑝𝑖𝑖 + 𝑊𝑊𝑖𝑖𝛾𝛾� > (−𝛽𝛽(𝑋𝑋𝑖𝑖)𝑍𝑍𝑖𝑖𝑖𝑖 − 𝛼𝛼𝑝𝑝𝑖𝑖 + 𝑊𝑊𝑖𝑖𝛾𝛾)�    (2) 

 
The first term on the right-hand side applies to individuals who are inattentive and thus stay with 

the default, and the second term to attentive individuals who make an active choice. 

 To understand identification, consider the case in which there are only two plan options, 

HN and HNBG. Note that 𝑍𝑍𝑖𝑖,𝐻𝐻𝐻𝐻 = 0 is true for all employees because HN includes all doctors. 

In this case, we can write equation (2) as 

 
 𝐏𝐏𝐏𝐏(𝐻𝐻𝐻𝐻𝐻𝐻𝐻𝐻|𝑍𝑍𝑖𝑖𝐻𝐻𝐻𝐻𝑖𝑖𝑖𝑖) = 

�1 − 𝜇𝜇(𝑋𝑋𝑖𝑖)� ∗ 𝐏𝐏𝐏𝐏[(−𝛽𝛽(𝑋𝑋𝑖𝑖)𝑍𝑍𝑖𝑖𝐻𝐻𝐻𝐻𝑖𝑖𝑖𝑖 − 𝛼𝛼𝑝𝑝𝐻𝐻𝐻𝐻𝑖𝑖𝑖𝑖 + 𝑊𝑊𝐻𝐻𝐻𝐻𝑖𝑖𝑖𝑖𝛾𝛾) > (−𝛼𝛼𝑝𝑝𝐻𝐻𝐻𝐻 + 𝑊𝑊𝐻𝐻𝐻𝐻𝛾𝛾)]     (3) 

 

 
9 Inattention could be exogenously given, or consumers could be rationally inattentive. Empirically, we cannot 
distinguish between the two. 
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 First, consider the case where the vector (𝑊𝑊𝐻𝐻𝐻𝐻 −𝑊𝑊𝐻𝐻𝐻𝐻𝑖𝑖𝑖𝑖)𝛾𝛾 = 0. By construction, the two 

plans are identical on all plan characteristics, except the size of the network (i.e., 𝑊𝑊𝐻𝐻𝐻𝐻 = 𝑊𝑊𝐻𝐻𝐻𝐻𝑖𝑖𝑖𝑖  

for all but one plan characteristic). As discussed in Section 2.1, the option value of the larger 

network is likely to be negligible in our setting (i.e., the element of 𝛾𝛾  for network size is 

approximately equal to zero).  

 Identification of 𝜇𝜇(𝑋𝑋𝑖𝑖) then comes from employees whose existing doctors are included 

in the HNBG network, i.e., 𝑍𝑍𝑖𝑖,𝐻𝐻𝐻𝐻𝑖𝑖𝑖𝑖 = 0 . For these employees, the probability of choosing 

HNBG is 

 
𝐏𝐏𝐏𝐏(𝐻𝐻𝐻𝐻𝐻𝐻𝐻𝐻|𝑍𝑍𝑖𝑖,𝐻𝐻𝐻𝐻𝑖𝑖𝑖𝑖 = 0) = [1 − 𝜇𝜇(𝑋𝑋𝑖𝑖)] ∗ 𝐏𝐏𝐏𝐏[𝛼𝛼(𝑝𝑝𝐻𝐻𝐻𝐻 − 𝑝𝑝𝐻𝐻𝐻𝐻𝑖𝑖𝑖𝑖) > 0] = [1 − 𝜇𝜇(𝑋𝑋𝑖𝑖)]           (4) 

 
where the last equality follows from the fact that the HN premium exceeds that of HNBG (i.e., 

𝑝𝑝𝐻𝐻𝐻𝐻 > 𝑝𝑝𝐻𝐻𝐻𝐻𝑖𝑖𝑖𝑖 ). In this case, all attentive employees whose existing doctors are included in 

HNBG will choose the HNBG plan.  

 Given 𝜇𝜇(𝑋𝑋𝑖𝑖), the identification of doctor attachment, 𝛽𝛽(𝑋𝑋𝑖𝑖), comes from employees who 

will need to change doctors if they choose the HNBG plan, i.e., 𝑍𝑍𝑖𝑖,𝐻𝐻𝐻𝐻𝑖𝑖𝑖𝑖 = 1.  

 
𝐏𝐏𝐏𝐏�𝐻𝐻𝐻𝐻𝐻𝐻𝐻𝐻�𝑍𝑍𝑖𝑖,𝐻𝐻𝐻𝐻𝑖𝑖𝑖𝑖 = 1� = [1 − 𝜇𝜇(𝑋𝑋𝑖𝑖)] ∗ 𝐏𝐏𝐏𝐏[𝛼𝛼(𝑝𝑝𝐻𝐻𝐻𝐻 − 𝑝𝑝𝐻𝐻𝐻𝐻𝑖𝑖𝑖𝑖) > 𝛽𝛽(𝑋𝑋𝑖𝑖)]              (5) 

 
The probability that an employee whose existing doctors are not covered in the HNBG plan 

switches to HNBG is given by the probability that she is attentive, 1 − 𝜇𝜇(𝑋𝑋𝑖𝑖) , times the 

probability that the utility she derives from the premium savings, 𝛼𝛼(𝑝𝑝𝐻𝐻𝐻𝐻 − 𝑝𝑝𝐻𝐻𝐻𝐻𝑖𝑖𝑖𝑖), is greater 

than her doctor attachment, 𝛽𝛽(𝑋𝑋𝑖𝑖).  

 Now, consider the case where option value plays a role. Equations (4) and (5) become  

 
𝐏𝐏𝐏𝐏(𝐻𝐻𝐻𝐻𝐻𝐻𝐻𝐻|𝑍𝑍𝑖𝑖,𝐻𝐻𝐻𝐻𝑖𝑖𝑖𝑖 = 0) = [1 − 𝜇𝜇(𝑋𝑋𝑖𝑖)] ∗ 𝐏𝐏𝐏𝐏[𝛼𝛼(𝑝𝑝𝐻𝐻𝐻𝐻 − 𝑝𝑝𝐻𝐻𝐻𝐻𝑖𝑖𝑖𝑖) > (𝑊𝑊𝐻𝐻𝐻𝐻 −𝑊𝑊𝐻𝐻𝐻𝐻𝑖𝑖𝑖𝑖)𝛾𝛾]   (4’) 

 

 𝐏𝐏𝐏𝐏�𝐻𝐻𝐻𝐻𝐻𝐻𝐻𝐻�𝑍𝑍𝑖𝑖,𝐻𝐻𝐻𝐻𝑖𝑖𝑖𝑖 = 1� 

= [1 − 𝜇𝜇(𝑋𝑋𝑖𝑖)] ∗ 𝐏𝐏𝐏𝐏[𝛼𝛼(𝑝𝑝𝐻𝐻𝐻𝐻 − 𝑝𝑝𝐻𝐻𝐻𝐻𝑖𝑖𝑖𝑖) > (𝑊𝑊𝐻𝐻𝐻𝐻 −𝑊𝑊𝐻𝐻𝐻𝐻𝑖𝑖𝑖𝑖)𝛾𝛾 + 𝛽𝛽(𝑋𝑋𝑖𝑖)]   (5’) 
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We can still identify inattention, 𝜇𝜇(𝑋𝑋𝑖𝑖),𝑎𝑎s long as option value is small relative to the value of 

the premium savings, i.e., if 𝛼𝛼(𝑝𝑝𝐻𝐻𝐻𝐻 − 𝑝𝑝𝐻𝐻𝐻𝐻𝑖𝑖𝑖𝑖) > (𝑊𝑊𝐻𝐻𝐻𝐻 −𝑊𝑊𝐻𝐻𝐻𝐻𝑖𝑖𝑖𝑖)𝛾𝛾 for all values of 𝑝𝑝 and 𝑊𝑊 in 

the sample. 

 Whether or not option value is small relative to the value of the premium savings, we can 

identify the relative importance of doctor attachment by taking the ratio of equations (4’) and 

(5’). The term [1 − 𝜇𝜇(𝑋𝑋𝑖𝑖)] then cancels out, and we are left with the ratio of the probability that 

the value of the premiums savings exceeds the option value, divided by the probability that the 

value of the premium savings is greater than doctor attachment plus option value.  

Using the sample of employees who were with HN in 2010, prior to the introduction of 

HNBG, we estimate multinomial logit (MNL) models of health insurance choice in 2011 and 

2012. In the estimation, we allow for employees to choose a PPO or another HMO, in addition to 

the choices to stay with HN or to switch to HHBG. Note that once we control for family type and 

income tier, there is no variation in health care premiums across individuals. This means we 

cannot identify the price coefficient 𝛼𝛼 but rather the fraction of employees who are willing to pay 

at least the premium difference between the two plans to keep their current doctor or, in the 

presence of option value, how doctor attachment changes the relative share of individuals who 

switch plans. 

 

5. Results 

5.1  Unconditional Estimates 

We start by presenting simple cross tabulations, in part to make clear how our 

identification strategy works. Table 4 shows the 2011 and 2012 health plan choices of employees 

based on whether they had at least one family member whose existing PCP was not in the HNBG 

network. If option value is negligible, inattention is captured by employees who stayed with the 

HN plan even though their existing doctors were covered by HNBG (20.7% in 2011). Doctor 

attachment is then calculated as the differential rate of staying with HN for those with HN-only 

versus HNBG doctors divided by the percentage of attentive employees. In 2011, the 

unconditional estimate of doctor attachment is 45.6%, which means that 45.6% of individuals are 

willing to pay at least the premium difference to keep their doctors. Similar calculations appear 

in the table for 2012.  
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With option value, we can divide the share of employees whose existing PCP is in the 

HNBG network and who choose the HNBG plan (74.3%) by the share of employees whose PCP 

is only in the HN network and who choose the HNBG plan (30.9%). The ratio implies that 

employees who can keep their doctors are 2.4 times as likely to choose the HNBG plan. 

Employees who choose neither HN nor HNBG mostly switch to other HMO plans which 

will force them to find a new doctor, with the rate being higher for those whose existing doctor is 

not in HNBG, as expected. A few employees switch to a PPO plan, which allows them to keep 

their prior doctor, albeit at a higher cost. Therefore, a broader estimate of switching costs in the 

absence of option value would add on the difference in the number of individuals who switch to 

a PPO across the two groups, which is (2.7 - 1.2)/(1 - 0.207) = 1.9%. 

 

5.2  MNL Estimates without Option Value 

Our MNL model allows for four choices for employees: (i) switch to HNBG (base 

category), (ii) stay with HN, (iii) switch to a PPO, and (iv) switch to another HMO. The key 

outcome of interest is the probability of staying with HN compared to switching to HNBG. We 

include the other choices for completeness, recognizing that they may be affected by other plan 

characteristics. 

In Table 5 we report estimates using two specifications: without and with controls for 

option value. We report the results for each specification in three columns, one for each of the 

choices (HN, PPO, Other HMO), showing marginal effects relative to the base category of 

HNBG. In the first specification, we assume option value is negligible. The regression includes 

controls for log income, age, gender, and number of doctor visits. The marginal effects for these 

variables capture heterogeneity in inattention. This model further adds a variable for whether the 

family has HN-only doctors, as well as interactions with the demographic characteristics. The 

coefficients on these interaction terms capture heterogeneity in doctor attachment. We include 

fixed effects for the employee’s family type as well as their 3-digit zip code to control for 

unobserved regional differences in the choice environment. Estimates without 3-digit zip code 

fixed effects are presented in Appendix Table A2 as a robustness check and yield similar results. 

Starting with the top panel results for inattention, older employees (age>=50) are 1.8 pp 

less inattentive and male employees are 10.1 pp more inattentive. Individuals who had zero 
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doctor visits in 2010 are roughly 4 to 6 pp more inattentive compared to those who have seen a 

doctor. Finally, income has a positive but statistically insignificant effect on inattention.  

Turning to the second panel, we report the marginal effects of having HN-only doctors on 

plan choice. The non-interacted coefficient of 0.226 is the marginal effect of choosing HN for an 

individual with mean income, who is under 50, female, and had zero doctor visits. The 

interaction terms reveal a wide heterogeneity based on an employee’s characteristics. We 

estimate that a doubling of employee income reduces the rate of switching to the cheaper HNBG 

plan for those who would no longer be able to see their doctors by 5.2 pp. We further find 

affected employees who are age 50 or older are 7.3 pp less likely to switch, while affected males 

are 8.3 pp more likely to switch. The number of doctor visits by all family members between 

2008-2010 likewise has a strong influence on switching. Relative to those who did not visit a 

doctor, the rate of not switching increases monotonically, rising by 3.2 pp for 1-5 visits, 10.5 pp 

for 6-15 visits, and 19.2 pp for more than 15 visits. 

These marginal effects are the product of the attention parameters, 1 − 𝜇𝜇(𝑋𝑋𝑖𝑖), and the 

doctor attachment parameters, 𝛽𝛽(𝑋𝑋𝑖𝑖 ), from Equation (2). In the top panel of Figure 1, we 

translate these effects into estimated doctor attachment as a function of covariates. We use the 

same logic as we did for the unconditional calculations in Table 4, i.e., we divide the differential 

switching rate by the fraction of attentive individuals of that type. The figure also plots the 

heterogeneity in inattention by type. 

To highlight the importance of separating out the two sources of inertia, consider two 

examples. A young male earning $150,000 who has not visited his doctor and who has an HN-

only doctor is predicted to stay in the HN plan 60% of the time. Doctor attachment accounts for 

24 pp of this effect, while inattention accounts for a larger 36 pp. Contrast this with an older 

female with 6-15 doctor visits and $50,000 income who has an HN-only doctor. She is predicted 

to stay in the HN plan 59% of the time, which is a very similar overall probability. But in sharp 

contrast to the man, this persistence is largely due to doctor attachment (42 pp) rather than 

inattention (16 pp). Without considering the underlying sources of inertia, one would have 

wrongly concluded that these two individuals were quite similar, even though they are not. 

Our main MNL estimates split families into two groups: those who have one or more 

HN-only doctors, versus those who have only HNBG doctors. Another margin on which doctor 

attachment could vary is the number of family members that would have to switch doctors to 



17 
 

save on premiums. In Table 6, we explore this possibility using an expanded MNL model and 

find that predicted doctor attachment increases monotonically on this dimension. For example, 

consider employees with exactly 2 insured family members in 2011. If one family member needs 

to change their doctor, 32% of these families are willing to pay the increased premium. But if 

both would need to change their doctor, this rises to 56%. Similar patterns are found for families 

with 3 members and 4 members and for the year 2012. Another possible split is the number of 

HN-only doctors that would need to be changed in a family (as family members may share the 

same doctor). In unreported results, we find that doctor attachment does not vary much along this 

dimension. This suggests that it is the attachment each individual has to their doctors, rather than 

the search costs of finding new doctors, that matters most. 

 

5.3  MNL Estimates Including Controls for Option Value 

We argued in Section 2.1 that a priori, option value should play a limited role in our 

setting for several reasons. To explore this, we use geographic variation in the number of nearby 

available doctors in the HN and HNBG plans. The relative variation in the local availability of 

HN versus HNBG doctors is illustrated spatially in Figure 2. At the 75th percentile, 80% of local 

HN doctors are also included in the HNBG plan, while at the 25th percentile, 52% are included. 

We use the variation across geographies as proxies for option value and estimate their 

impact on plan choice. In the last three columns of Table 5, we include the log number of HN-

only doctors and the log number of HNBG doctors within a 10-mile radius of an employee’s 5-

digit home zip code. We also interact the “has HN-only doctors” variable with these two 

variables to capture any differences between the groups.  

The inattention and doctor attachment estimates in the top parts of Table 5 remain 

virtually unchanged when including these controls. Moreover, all estimated effects for the 

number of plan-specific doctors are small and statistically insignificant. Employees are no more 

likely to stay with HN in areas with more HN-only doctors, nor are they more likely to switch to 

HNBG in areas with more HNBG doctors. These findings are consistent with option value 

having little, if any, effect. To illustrate the diminutive role of option value in our setting, using 

the point estimates we calculate that only 1.4% of employees would change their decision if they 

moved from an area where the number of HN-only doctors was at the 25th percentile versus the 

75th percentile. 
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We reach a similar conclusion when using other proxies for option value. In Appendix 

Table A2 we present estimates using a 25-mile radius, and the findings are similar. While not 

shown, we also estimated specifications which control separately for the number of PCPs and the 

number of specialists and found similar results. 

 

5.4  Inattention and Doctor Attachment in Year 2 

A natural follow-up question is what happens to inattention and doctor attachment in 

2012, when individuals are allowed to choose insurance plans again during open enrollment. 

Table 7 presents MNL estimates for choices mirroring those in Table 5, but for 2012 instead of 

2011. The bottom panel of Figure 1 summarizes how inattention and doctor attachment change 

between 2011 and 2012 by demographics. Inattention drops by 5-6 pp, with limited 

heterogeneity in this drop by background characteristics. Despite the drops, there remains 

substantial inattention by the second year after the change. Doctor attachment also falls, by 9 pp 

on average, consistent with the idea that it can take some time to transition to a new doctor. 

Female and older employees and families with many doctor visits experience the largest drops in 

doctor attachment. Robustness checks for 2012 which mirror the robustness checks for 2011 can 

be found in Appendix Table A3.  

 

5.5  Choices of New Hires 

Our analysis sample does not include new employees. It is nevertheless interesting to 

compare the health plan choices for new hires versus existing employees. One might reasonably 

have thought that new enrollees after the introduction of HNBG (in 2011) should not face 

inattention, especially if they are forced to make a choice. As a reminder, we use the term 

inattention to broadly refer to limited understanding, procrastination, and confusion about plan 

options in addition to not paying attention. 

In our setting, new hires are not forced to enroll in a plan but are instead defaulted into a 

“core” plan if they do not make an active choice. This core plan is provided at no cost to 

employees but has a high deductible. While only 1% of existing employees choose this plan,  

17% of new hires are in the core plan in 2011 (the first year of their hire), a fraction which drops 

to 5% by the following year. These patterns likely reflect inattention, as new employees have 

many things to take care of both at work and in their personal lives as they transition to a new 
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job. New hires may also have less information about the various insurance options (Sorensen, 

2006). 

With these caveats in mind, we compare the relative enrollment rates in HN and HNBG 

for new hires versus existing employees. In 2011, 23% of new hires chose HNBG and 6% chose 

HN, for a relative ratio of 3.8 to 1. This ratio rises to 5.8 to 1 in 2012 as many new hires switch 

into HNBG and out of HN in their second year of employment. The fact that new hires make 

these additional changes in 2012 is indicative of some inattention in their initial year of hire.10 

Contrast these new hires to existing employees, who already had a doctor before the introduction 

of HNBG. These existing employees had doctors in 2010 who would be in the HNBG versus HN 

plan in 2011 at a ratio of 1.9 to 1. 

 

5.6  The Importance of Defaults 

Our results speak to the importance of policy defaults, which matter in the presence of 

inattention. Attentive employees will always make optimal decisions, but 21% of individuals in 

our setting are inattentive, and the real-world default put these individuals into the more 

expensive HN plan. An interesting counterfactual is what would have happened if HNBG had 

been the default instead.  

For inattentive employees whose existing doctors will be in the HNBG plan, making 

HNBG versus HN the default results in an unambiguous welfare gain (under the assumption that 

the option value is zero). For this group, there are no switching costs and there is an average 

premium savings of $1,207 in 2011 across the distribution of the four family types listed in 

Appendix Table A1 (self, self plus children, self plus adult, self plus adult plus children). For 

inattentive employees who have HN-only doctors, there are winners and losers when changing 

the default to HNBG. These inattentive employees will benefit from the premium savings, but 

they also incur the costs associated with switching doctors. Inattentive employees whose 

willingness-to-pay (WTP) to keep their doctors is less than the premium difference gain, while 

those whose WTP is higher lose. 

 
10 We note that, even in the absence of inattention, one would not necessarily expect no new hires to choose HN.  
This is because we do not observe the existing doctor a new employee had prior to joining the University of 
California, and this doctor could be in the HN network. 



20 
 

Calculating the average welfare impact for inattentive employees requires a parametric 

assumption about doctor switching costs. For individuals with no HN-only doctors, no 

distributional assumption is needed: the benefit is captured by the premium savings of $1,207 as 

reported in Table 8, column 1. For individuals with HN-only doctors, we explore several 

alternative assumptions for the distribution of WTP. We first assume that employees’ WTP is 

normally distributed. To pin down the parameters of this distribution, for each of the four family 

types we assume that the 1st percentile is at $1 and use the observed percentage of switchers and 

the premium difference to calculate the mean and variance. We truncate these normal 

distributions at the 1st and 99th percentiles. The resulting normal distributions have means which 

range from $614 to $1,752 depending on family type, and standard deviations which range from 

$263 to $751. 

Using these normal distributions for WTP, we calculate an average welfare gain of $415 

for employees whose WTP is less than the premium difference and an average welfare loss of 

$370 for those whose WTP is larger than the premium difference. These values are reported in 

columns 2 and 3 of Table 8. To calculate the average effect across all inattentive employees, we 

weight the dollar amounts in columns 1-3 by the fraction of individuals in each group. On net, 

the gains outweigh the losses, with an average $798 benefit for inattentive employees in 2011. 

We next make an alternative distributional assumption, namely that WTP is uniformly 

distributed between $0 and $M, where M is allowed to vary by family type. Since we observe the 

percentage willing to pay at least the premium difference between the HN and HNBG plans, we 

can infer M for each family type (M ranges from $1,190 to $3,351). Using these uniform WTP 

distributions, we calculate an average welfare gain of $608 for individuals whose WTP is less 

than the premium difference and an average welfare loss of $510 for those whose WTP is larger 

than the premium difference. These welfare effects are larger in absolute value compared to 

those based on the normal distribution, reflecting the fact that the uniform distribution has more 

mass in the tails. But these larger absolute effects counterbalance each other, resulting in a 

similar weighted average effect of $812 per inattentive employee. 

As an alternative set of parameterizations, we consider triangular distributions which 

have the same support as the uniform distribution, but linearly increase or decrease over the 

range of the distribution. The left triangular distribution has more mass for low WTP, and 

therefore finds a larger welfare gain of $677 for those whose WTP is less than the premium 
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difference, and a smaller welfare loss of $319 for those with a WTP above the premium 

difference. The result is a weighted average effect of $944 per inattentive employee. The right 

triangular distribution has more mass for high WTP and moves average welfare in the other 

direction. We calculate a weighted average effect of $681 per inattentive employee. Note that to 

overturn the finding an overall average welfare gain, one would need to have a more extremely 

skewed distribution or a distribution with much larger values for WTP. The second possibility is 

unlikely, as individuals with high WTP would probably not have chosen HN (which is an HMO) 

over a PPO insurance option in the first place. 

 Another way to summarize magnitudes is to calculate the aggregate welfare gain for all 

inattentive individuals. Using the calculations in Table 8 based on the assumption of normality, 

we find that changing the default to HNBG would have raised aggregate welfare by $2,797,391. 

The conclusion is that employee welfare would likely have been substantially higher had the UC 

system made HNBG the default option. A primary reason for this is that two-thirds of employees 

had existing doctors in the HNBG plan. An additional reason is that employees with the highest 

average doctor attachment are also on average more attentive, at least along the dimensions we 

observe in our data.  

  

6. Conclusion 

This paper provides the first causal evidence on switching costs associated with doctor 

attachment, separate from other sources of inertia. The magnitude of the effect is large: 46% of 

employees are willing to pay between $600 and $1,900 per annually (depending on family size) 

to keep their existing doctors. There is also evidence of sizeable inattention, with 21% of 

employees suboptimally staying with the more expensive default plan even though they could 

have kept their doctors and saved money by switching. These doctor switching costs and 

inattention decline only modestly over time. We find that inattention and doctor attachment vary 

in opposite directions with expected health care use. 

 Our findings underscore the importance of preserving individuals’ access to their existing 

doctors. A challenge is to do so while also minimizing the number who end up paying higher 

premiums due to inattention. One possibility is to default individuals into in the lowest-cost plan 

which allows them to keep their existing doctors. 
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More broadly, our paper emphasizes the importance of separating out doctor attachment 

from other sources of inertia, particularly when evaluating the incidence of different policy 

reforms. While older employees and those with higher utilization are more attentive, they are less 

willing to change their doctor in exchange for a lower premium. This group would suffer a 

greater welfare loss if they were forced into a network that did not include their existing doctor. 

In contrast, males and lower income individuals are both more inattentive and less attached to 

their current doctors. This group would receive a larger welfare gain if they were forced or 

defaulted into a network that gave them a lower premium. 
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Table 1: Do Quality Ratings Predict Whether a Doctor Will Be in HNBG? 
  (1) (2) 
Clinical Care Rating 0.088 0.046  

(0.131) (0.087) 
Member Satisfaction Rating -0.073 -0.059  

(0.071) (0.047) 
Preventive Health Rating -0.121 -0.046  

(0.125) (0.087) 
F-test for joint significance (p-value) 0.47 0.51 
3-digit Zip FE No Yes 
N 56,553 54,739 

Notes: Probit regressions of an indicator for whether a doctor is in the HNBG network on quality ratings (marginal 
effects). Data are from 2011. The unit of observation is a doctor, and quality ratings are measured at the medical group 
level. Standard errors in parentheses and F-tests are clustered by medical group. The number of observations drops in 
specification (2) because in a few 3-digit zip codes there is no variation in the dependent variable.  
** significant at 1%, *, significant at 5%, + significant at 10%. 
 
  



Table 2: Do Demographics Predict Having a Doctor in 2010 Who Will be in HNBG in 2011? 
Individual’s doctor in 2010 is in the HNBG network in 2011 Sample Mean 

Log income 0.009 0.013 10.98 
(0.020) (0.021) 

Age ≥50 0.003 0.003 0.32 
(0.011) (0.010) 

Male -0.002 -0.005 0.44 
(0.007) (0.008)

1-5 doctor visits 0.002 0.002 0.13 
(0.014) (0.014)

6-15 doctor visits -0.032 -0.033 0.27 
(0.27) (0.027)

>15 doctor visits -0.049 -0.050 0.50 
(0.030) (0.031)

F-test (p-value) 0.66 0.76 0.75 0.09 0.26 
Notes: N=43,454. Individual-level regression for employee and family members using 2010 data, before the 
introduction of HNBG. Doctor visit data is merged in from a separate dataset and uses the total between 2008-2010. 
The variables are defined at the employee level. The regression also controls for 3-digit zip fixed effects. Standard 
errors in parentheses and F-test are clustered at 3-digit zip code level. 
** significant at 1%, *, significant at 5%, + significant at 10%. 



 
 

Table 3: Premium Increases for Staying with HN versus Switching to HNBG 

 % premium increase relative to the previous year Annual 
premium 

difference HN 
vs. HNBG 

  for employees who stay with HN 
for employees 
who switch to 

HNBG 

  
Income 
Tier 1 

Income 
Tier 2 

Income 
Tier 3 

Income 
Tier 4 

Same for all 
income tiers 

Same for all 
income tiers 

2011   
Self only 272.6% 110.1% 70.1% 51.9% 6.2% $638 
Self plus children 272.5 110.1 70.1 51.9 6.2 1,149 
Self plus adult 141.9 79.0 57.6 45.6 6.2 1,340 
Self plus adult and children 163.2 85.5 60.5 47.2 6.2 1,851 
2012  

Self only 6.5 7.2 7.6 7.8 8.8 653 
Self plus children 6.5 7.2 7.6 7.8 8.8 1,190 
Self plus adult 7.0 7.5 7.7 7.9 8.8 1,388 
Self plus adult and children 6.9 7.4 7.7 7.9 8.8 1,918 

Notes: The last column shows the premium difference between HN and HNBG in the same year. Conditional on 
family type, the difference in HN vs. HNBG premiums is the same regardless of income, though premium amounts 
vary with income. See Appendix Table A.4 for premium amounts by family type and income tier. In 2011, the tiers 
were set as annual income less than $47k, $47-93k, $93-140k, and over $140k. In 2012, the tiers were less than 
$48k, $48-96k, $96-144k, and over $144k. 

 

  



 
 

Table 4: Health Plan Choices in 2011 and 2012, Unconditional Estimates 
 All HNBG doctors 

(N=10,982) 
Has HN-only doctors 

(N=6,035) 
Choice in 2011   
Stay with HN  20.7% 56.9%  
Switch:   
          to BG  74.3 30.9 
          to other HMO 3.7 9.5 
          to PPO 1.2 2.7 
Inattention: 20.7   
Doctor Attachment: (56.9-20.7)/(100-20.7) = 45.6   
Choice by 2012   
Stay with HN  14.9 46.4  
Switch:   
          to BG  78.6 38.9 
          to other HMO 5.0 11.3 
          to PPO 1.6 3.4 
Inattention: 14.9   
Doctor Attachment: (46.4-14.9)/((100-14.9) = 37.0     

Notes: Inattention is given by the percentage of employees with all HNBG doctors who stay with HN. Doctor 
attachment is calculated as the percentage of attentive employees who stay with HN divided by the percentage of 
attentive employees. The inattention and doctor attachment calculations assume no option value; see the text for 
calculations which allow for option value. 
 
 

  



 
 

Table 5: Health Plan Choices in 2011, Multinomial Logit Estimates (Marginal Effects) 
 Inattention and Doctor Attachment  Including Option Value 
Plan Choice: HN PPO Other HMO  HN PPO Other HMO 
Inattention         
Log income  0.042 0.018** -0.056**  0.040 0.018** -0.056** 
 (0.026) (0.002) (0.015)  (0.026) (0.002) (0.014) 
Age ≥50 -0.018+ -0.008** -0.003  -0.017+ -0.008** -0.003 
 (0.009) (0.002) (0.005)  (0.009) (0.002) (0.005) 
Male 0.101** -0.005* -0.010  0.102** -0.004* -0.009 
 (0.009) (0.002) (0.007)  (0.009) (0.002) (0.007) 
1-5 doctor visits -0.042** 0.005 -0.008  -0.041** 0.005 -0.008 
 (0.013) (0.005) (0.012)  (0.013) (0.005) (0.012) 
6-15 doctor visits  -0.050** 0.007* -0.018*  -0.049** 0.007* -0.018* 
 (0.014) (0.004) (0.008)  (0.015) (0.003) (0.008) 
>15 doctor visits  -0.062** 0.007 -0.036**  -0.061** 0.007 -0.036** 
 (0.019) (0.005) (0.011)  (0.019) (0.005) (0.011) 
Doctor Attachment     
Has HN-only doctors 0.226** 0.014 0.023  0.237** 0.014 0.026+ 
 (0.026) (0.009) (0.015)  (0.028) (0.010) (0.014) 
“Has HN-only doctors” Interacted with:       
   Log income  0.052* 0.000 0.029**  0.053+ 0.000 0.030* 
 (0.027) (0.005) (0.009)  (0.028) (0.004) (0.012) 
   Age ≥50 0.073** 0.007 -0.006  0.069** 0.006 -0.006 
 (0.019) (0.006) (0.007)  (0.020) (0.004) (0.006) 
   Male -0.083** 0.003 0.004  -0.083** 0.003 0.004 
 (0.009) (0.002) (0.011)  (0.009) (0.002) (0.011) 
   1-5 doctor visits 0.032 -0.004 0.037+  0.030 -0.004 0.036* 
 (0.022) (0.010) (0.019)  (0.022) (0.010) (0.018) 
   6-15 doctor visits 0.105** -0.006 0.015  0.103** -0.007 0.016 
 (0.024) (0.009) (0.011)  (0.024) (0.009) (0.013) 
   >15 doctor visits 0.192** -0.010 0.028+  0.189** -0.010 0.029* 
 (0.024) (0.010) (0.014)  (0.024) (0.009) (0.014) 
Option Value (10-mile radius)     
Log (# HN-only doctors)    0.006 0.001 0.010+ 
     (0.014) (0.003) (0.005) 
Has HN-only doctors * log (# HN-only doctors)   -0.002 0.002 -0.008 
     (0.016) (0.003) (0.006) 
Log (# HNBG doctors)  0.004 -0.001 -0.012+ 
     (0.017) (0.004) (0.008) 
Has HN-only doctors * log (# HNBG doctors)  -0.024 -0.003 0.007 
     (0.016) (0.003) (0.007) 
Notes:  N=17,017. Base category is HNBG. Sample restricted to employees who had HN in 2010. Doctor visits 
cover the period 2008-2010. Additional controls include 3-digit zip code fixed effects and family type fixed effects. 
Standard errors in parentheses are clustered at 3-digit zip code level. 
** significant at 1%, *, significant at 5%, + significant at 10%.   



 
 

Table 6: Doctor Attachment as a Function of the Number of Affected Family Members  
 

Number of family members   Family size  
with HN-only doctors 2 3 4 

2011     
Mean predicted attachment  1 32.1 21.5 15.5 
 2 56.4 35.7 34.6 
 3 - 54.9 45.4 
 4 - - 60.7 

2012     
Mean predicted attachment  1 24.2 18.0 12.3 
 2 48.1 26.6 24.9 
 3 - 45.5 33.2 
 4 - - 46.4 

Notes: Estimated doctor attachment for employees whose families have HN-only doctors. Within family size, the 
rows compare the number of family members who would need to switch their doctor if they joined the HNBG plan. 
For example, we predict that 32.1 percent of two-person families are willing to pay higher premiums to keep their 
doctors if one of the two family members would have to switch doctors, compared to 56.4 percent of two person 
families in which both family members would have to switch doctors. 

  



 
 

Table 7: Health Plan Choices in 2012, Multinomial Logit Estimates (Marginal Effects) 
 Inattention and Doctor Attachment  Including Option Value 
Plan Choice: HN PPO Other HMO  HN PPO Other HMO 
Inattention         
Log income  0.038 0.027** -0.068**  0.036 0.026** -0.068** 
 (0.024) (0.003) (0.015)  (0.024) (0.003) (0.015) 
Age ≥50 -0.010 -0.011** -0.011*  -0.010 -0.011** -0.010* 
 (0.009) (0.003) (0.005)  (0.009) (0.003) (0.005) 
Male 0.107** -0.008* -0.009  0.109** -0.007** -0.008 
 (0.007) (0.003) (0.006)  (0.007) (0.003) (0.006) 
1-5 doctor visits -0.046** 0.005 -0.020  -0.046** 0.005 -0.021+ 
 (0.017) (0.007) (0.013)  (0.018) (0.007) (0.012) 
6-15 doctor visits  -0.054** 0.005 -0.032**  -0.054** 0.005 -0.033** 
 (0.019) (0.005) (0.010)  (0.020) (0.005) (0.010) 
>15 doctor visits  -0.067** 0.006 -0.047**  -0.065** 0.006 -0.047** 
 (0.024) (0.007) (0.012)  (0.025) (0.007) (0.012) 
Doctor Attachment     
Has HN-only doctors 0.223** 0.015 0.026*  0.238** 0.015 0.029** 
 (0.020) (0.011) (0.013)  (0.024) (0.011) (0.011) 
“Has HN-only doctors” Interacted with:       
   Log income  0.043 -0.005 0.032**  0.046 -0.005 0.033** 
 (0.027) (0.005) (0.012)  (0.030) (0.005) (0.011) 
   Age ≥50 0.053** 0.016* -0.004  0.050** 0.015* -0.004 
 (0.017) (0.007) (0.008)  (0.017) (0.007) (0.008) 
   Male -0.074** 0.006 -0.001  -0.075** 0.005 -0.001 
 (0.012) (0.004) (0.010)  (0.012) (0.004) (0.009) 
   1-5 doctor visits 0.008 0.000 0.043*  0.007 0.000 0.042* 
 (0.017) (0.010) (0.018)  (0.017) (0.011) (0.018) 
   6-15 doctor visits 0.064** -0.005 0.019  0.062** -0.006 0.019 
 (0.022) (0.009) (0.015)  (0.022) (0.010) (0.014) 
   >15 doctor visits 0.130** -0.009 0.019  0.127** -0.009 0.021 
 (0.030) (0.009) (0.014)  (0.030) (0.010) (0.014) 
Option Value (10-mile radius)     
Log (# HN-only doctors)    0.012 0.001 0.015* 
     (0.015) (0.003) (0.006) 
Has HN-only doctors * log (# HN-only doctors)   -0.003 -0.001 -0.019** 
     (0.017) (0.003) (0.007) 
Log (# HNBG doctors)  -0.013 0.002 -0.010 
     (0.019) (0.004) (0.010) 
Has HN-only doctors * log (# HNBG doctors)  -0.014 -0.004 0.010 
     (0.018) (0.003) (0.008) 
Notes:  N=17,017. Base category is HNBG. Sample restricted to employees who had HN in 2010. Doctor visits 
cover the period 2008-2010. Additional controls include 3-digit zip code fixed effects and family type fixed effects. 
Standard errors in parentheses are clustered at the 3-digit zip code fixed effect. 
** significant at 1%, *, significant at 5%, + significant at 10%. 
 
  



 
 

Table 8: Welfare Impact of an HNBG Default for Inattentive Employees 

  
No HN-only 

Doctor(s) 
 Has HN-only Doctor(s)  Weighted 

Average 

Distributional 
Assumption 

Welfare gain from 
premium savings 

  Welfare gain for 
those with WTP < 

premium diff.  

 Welfare loss for 
those with WTP > 

premium diff. 

 
 

Normal  1207  415 -370  798 
Uniform 1207  608 -510  812 
Left Triangular  1207  677 -319  944 
Right Triangular  1207  391 -553  681 

Notes: Estimated welfare impacts for inattentive employees (20.6% of the sample) on a per-employee basis in 2011. 
Employees without HN-only doctors benefit from premium savings and do not have to switch doctors. Employees 
with HN-only doctors also benefit from premium savings, but they experience a loss in utility due to doctor 
switching costs. The normal distributions have means which range from $614 to $1,752 depending on the four 
family types listed in Appendix Table A1, and standard deviations which range from $263 to $751. We truncate the 
normal distributions at the 1st and 99th percentiles. The uniform distributions range from 0 to a maximum of $1,190 
to $3,351 depending on family type. The right (left) triangular distributions have the same support as the uniform, 
but linearly increase (decrease) over the range of the distributions. The weighted average in column 4 uses the 
estimates in columns 1-3, weighted by the relevant sample shares. 

  



Figure 1: Heterogeneity in Inattention and Doctor Attachment

Panel A: Inattention and Doctor Attachment in the First Year

All employees
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Panel B: Reductions in Inattention and Doctor Attachment in the Second Year

All employees

Income 50K
Income 100K
Income 150K

Male
Female

Age < 50
Age >= 50

Doctor visits 0
Doctor visits 1-5
Doctor visits 6-15
Doctor visits >15

 

-10 -5 0
Percentage Point Change, 2012-2011

Doctor Attachment Inattention

Notes: Predictions based on the estimates appearing in the first specification of Table 3.



Figure 2: Geographic Variation in the Availability of HNBG Doctors

Panel A: Northern California

(.96,1]
(.85,.96]
(.76,.85]
(.72,.76]
(.68,.72]
(.62,.68]
(.55,.62]
(.48,.55]
(.39,.48]
[0,.39]

Panel B: Southern California
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Notes: The heat map plots the fraction of HN doctors who are also included in the HNBG network. Fractions are
calculated by five-digit zip code using doctors within a ten-mile radius of the zip code centroid. Each of the ten
categories have an equal number of zip codes in them.
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Appendix A. Description of the New HNBG Plan. 

 
During open enrollment, the following explanation was provided both electronically and in a 
mailing by the University of California. 
 
HEALTH NET BLUE & GOLD HMO 

The Health Net Blue & Gold HMO works exactly like the regular Health Net HMO plan: You 
choose a primary care physician (PCP) who coordinates all of your care. When you need to see a 
specialist, your PCP refers you to the appropriate provider in the Health Net network. You pay a 
copayment for most services, other than some preventive care, which has no copayment. 

The only differences between the two Health Net plans are the cost of the monthly premiums and 
the network of providers. The Blue & Gold network was created specifically for UC and includes 
cost-efficient providers who meet the criteria established by Health Net and approved by the 
California Department of Managed Health Care. The Blue & Gold network includes about 65 
percent of Health Net HMO’s physician network and hospitals, including all UC medical centers 
and medical groups. 

More than 60 percent of current UC Health Net members use doctors in the Health Net Blue & 
Gold HMO network. If your providers are in the Health Net Blue & Gold network and you enroll, 
you’ll save the extra premium you’d pay for the full Health Net HMO network. 

You must select the Health Net Blue & Gold HMO during Open Enrollment to participate. If you 
are a current Health Net HMO member and take no action during Open Enrollment, you will 
remain in the Health Net HMO plan, even if your current doctor and medical group are in the 
Health Net Blue & Gold HMO plan. To see if your medical providers are in the Health Net Blue 
& Gold network, visit the Health Net website at www.healthnet.com/uc. 

If you prefer the full Health Net HMO network, you still have that choice: same great coverage 
and low out-of-pocket costs. 
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Appendix Table A1: Annual Premiums for HN and HNBG, 2010-2012 

 2010 2011 2012 
 HN HN HNBG HN HNBG 
Income Tier 1      
  Self $240 $893 $255 $951 $277 
  Self plus children 431 1607 458 1712 499 
  Self plus adult 988 2389 1049 2557 1141 
  Self plus adult and children 1179 3104 1253 3318 1363 
Income Tier 2      
  Self 614 1291 652 1384 710 
  Self plus children 1106 2323 1174 2491 1277 
  Self plus adult 1843 3297 1957 3545 2129 
  Self plus adult and children 2334 4330 2479 4652 2696 
Income Tier 3      
  Self 999 1699 1061 1828 1154 
  Self plus children 1797 3058 1909 3290 2076 
  Self plus adult 2609 4111 2771 4430 3014 
  Self plus adult and children 3408 5470 3619 5892 3937 
Income Tier 4      
  Self 1396 2121 1483 2288 1613 
  Self plus children 2514 3819 2670 4118 2904 
  Self plus adult 3403 4954 3614 5347 3931 
  Self plus adult and children 4520 6652 4801 7177 5222 

Notes: Annual employee premiums in dollars. Within year and family type, the premium differences between HN 
and HNBG are the same regardless of income. In 2010, the tiers were set as annual income less than $46k, $46-92k, 
$92-137k, and over $137k. In 2011, the tiers were set as annual income less than $47k, $47-93k, $93-140k, and over 
$140k. In 2012, the tiers were less than $48k, $48-96k, $96-144k, and over $144k. 
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Appendix Table A2: Robustness Checks for 2011, Multinomial Logit Estimates (Marginal Effects) 

 No Zip-Code Fixed Effects   Alternative Option Value 
Plan Choice: HN PPO Other HMO  HN PPO Other HMO 
Inattention         
Log income  0.062** 0.019** -0.049**  0.039 0.018** -0.052** 
 (0.012) (0.003) (0.007)  (0.025) (0.003) (0.013) 
Age≥50 -0.017+ -0.008** 0.000  -0.017+ -0.008** -0.003 
 (0.010) (0.003) (0.006)  (0.009) (0.002) (0.004) 
Male 0.090** -0.004 -0.013*  0.102** -0.005* -0.009 
 (0.009) (0.003) (0.005)  (0.009) (0.002) (0.007) 
1-5 doctor visits -0.034* 0.005 -0.014  -0.042** 0.005 -0.007 
 (0.016) (0.004) (0.012)  (0.013) (0.005) (0.012) 
6-15 doctor visits  -0.043** 0.005 -0.025*  -0.049** 0.007* -0.017* 
 (0.016) (0.004) (0.012)  (0.015) (0.004) (0.008) 
>15 doctor visits  -0.058** 0.004 -0.044**  -0.062** 0.007 -0.034** 
 (0.017) (0.004) (0.012)  (0.019) (0.005) (0.010) 
Doctor Attachment     
Has HN-only doctor(s) 0.281** 0.012 0.038**  0.234** 0.015 0.030** 
 (0.028) (0.009) (0.014)  (0.030) (0.009) (0.011) 
“Has HN-only doctor(s)” Interacted with:       
   Log income  0.067** -0.000 0.035**  0.055** 0.000 0.028** 
 (0.018) (0.005) (0.010)  (0.019) (0.005) (0.009) 
   Age≥50 0.081** 0.007 -0.011  0.072** 0.006+ -0.005 
 (0.017) (0.006) (0.007)  (0.019) (0.004) (0.006) 
   Male -0.078** 0.003 0.002  -0.084** 0.003 0.003 
 (0.012) (0.004) (0.007)  (0.009) (0.002) (0.011) 
   1-5 doctor visits 0.024 -0.002 0.043*  0.035 -0.004 0.033+ 
 (0.029) (0.009) (0.018)  (0.022) (0.011) (0.018) 
   6-15 doctor visits 0.100** -0.002 0.021  0.105** -0.007 0.015 
 (0.030) (0.009) (0.014)  (0.024) (0.009) (0.010) 
   >15 doctor visits 0.197** -0.006 0.035*  0.192** -0.010 0.028* 
 (0.033) (0.008) (0.017)  (0.024) (0.010) (0.013) 
Option Value (25-mile radius)      
Log (# HN only doctors)    -0.006 -0.002 0.030* 
     (0.019) (0.003) (0.015) 
Log (# HNBG doctors)    0.015 0.001 -0.032+ 
     (0.022) (0.004) (0.018) 
Has HN-only doctors * log (# HN-only doctors)  0.009 0.001 -0.019+ 
     (0.028) (0.004) (0.010) 
Has HN-only doctors * log (# HNBG doctors)  -0.037 -0.004 0.018+ 
     (0.026) (0.004) (0.010) 

Notes:  N=17,017. Base category is HNBG. Sample restricted to employees who had HN in 2010. Doctor visits 
cover the period 2008-2010. Additional controls include family type fixed effects. Standard errors in parentheses. 
The second specification in columns 4-6 also includes 3-digit zip code fixed effects and has standard errors clustered 
at the 3-digit zip code level.  
** significant at 1%, *, significant at 5%, + significant at 10%.   
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Appendix Table A3: Robustness Checks for 2012, Multinomial Logit Estimates (Marginal Effects) 
 No Zip-Code Fixed Effects   Alternative Option Value 
Plan Choice: HN PPO Other HMO  HN PPO Other HMO 
Inattention         
Log income  0.052** 0.026** -0.060**  0.035 0.027** -0.063** 
 (0.012) (0.004) (0.008)  (0.024) (0.003) (0.012) 
Age≥50 -0.010 -0.012** -0.007  -0.011 -0.012** -0.010* 
 (0.010) (0.003) (0.006)  (0.009) (0.003) (0.005) 
Male 0.102** -0.007* -0.013*  0.110** -0.008** -0.007 
 (0.009) (0.003) (0.006)  (0.007) (0.003) (0.006) 
1-5 doctor visits -0.044** 0.004 -0.028*  -0.047** 0.005 -0.020 
 (0.016) (0.005) (0.013)  (0.017) (0.007) (0.012) 
6-15 doctor visits  -0.053** 0.002 -0.041**  -0.054** 0.005 -0.031** 
 (0.016) (0.005) (0.013)  (0.020) (0.005) (0.010) 
>15 doctor visits  -0.067** 0.003 -0.058**  -0.067** 0.006 -0.045** 
 (0.017) (0.005) (0.013)  (0.025) (0.007) (0.011) 
Doctor Attachment     
Has HN-only doctor(s) 0.264** 0.011 0.039**  0.242** 0.016 0.035** 
 (0.026) (0.009) (0.014)  (0.029) (0.011) (0.011) 
“Has HN-only doctor(s)” Interacted with:       
   Log income  0.032+ -0.007 0.035**  0.049 -0.005 0.032** 
 (0.017) (0.006) (0.011)  (0.031) (0.005) (0.010) 
   Age≥50 0.058** 0.015+ -0.010  0.052** 0.016* -0.003 
 (0.016) (0.008) (0.008)  (0.017) (0.007) (0.007) 
   Male -0.070** 0.006 -0.001  -0.077** 0.006 -0.001 
 (0.011) (0.005) (0.008)  (0.012) (0.004) (0.009) 
   1-5 doctor visits 0.008 0.002 0.051**  0.010 0.000 0.040* 
 (0.024) (0.010) (0.020)  (0.017) (0.012) (0.017) 
   6-15 doctor visits 0.069** -0.001 0.026  0.063** -0.006 0.019 
 (0.026) (0.009) (0.016)  (0.023) (0.010) (0.013) 
   >15 doctor visits 0.152** -0.006 0.027  0.128** -0.010 0.021+ 
 (0.030) (0.009) (0.017)  (0.030) (0.010) (0.013) 
Option Value (25-mile radius)      
Log (# HN only doctors)    0.014 -0.001 0.045** 
     (0.026) (0.005) (0.017) 
Log (# HNBG doctors)    -0.010 -0.000 -0.053** 
     (0.025) (0.005) (0.018) 
Has HN-only doctors * log (# HN-only doctors)  -0.005 0.001 -0.024+ 
     (0.034) (0.005) (0.013) 
Has HN-only doctors * log (# HNBG doctors)  -0.038 -0.004 0.017 
     (0.029) (0.005) (0.011) 

Notes:  N=17,017. Base category is HNBG. Sample restricted to employees who had HN in 2010. Doctor visits 
cover the period 2008-2010. Additional controls include family type fixed effects. Standard errors in parentheses. 
The second specification in columns 4-6 also includes 3-digit zip code fixed effects and has standard errors clustered 
at the 3-digit zip code level.  
** significant at 1%, *, significant at 5%, + significant at 10%.  



Figure 1: Heterogeneity in Inattention and Doctor Attachment

Panel A: Inattention and Doctor Attachment in the First Year
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Panel B: Reductions in Inattention and Doctor Attachment in the Second Year
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Notes: Predictions based on the estimates appearing in the first specification of Table 3.



Figure 2: Geographic Variation in the Availability of HNBG Doctors

Panel A: Northern California
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Panel B: Southern California
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Notes: The heat map plots the fraction of HN doctors who are also included in the HNBG network. Fractions are
calculated by five-digit zip code using doctors within a ten-mile radius of the zip code centroid. Each of the ten
categories have an equal number of zip codes in them.
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